In 2003, Ghana implemented a National Health Insurance Scheme (NHIS) to move towards Universal Health Coverage. NHIS enrolment is mandatory for all Ghanaians, but the most recent estimates show that coverage stands under 40%. The evidence on the relationship between socio-economic characteristics and NHIS enrolment is mixed, and comes mainly from studies conducted in a few areas. Therefore, in this study we investigate the socio-economic determinants of NHIS enrolment using three recent national household surveys. We used data from the Ghanaian Demographic and Health Survey conducted in 2014, the Multiple Indicator Cluster Survey conducted in 2011 and the sixth wave of the Ghana Living Standard Survey conducted in 2012-13. Given the multilevel nature of the three databases, we use multilevel logistic regression models to estimate the probability of enrolment for women and men separately. We used three levels of analysis: geographical clusters, household and individual units. We found that education, wealth, marital status-and to some extent-age were positively associated with enrolment. Furthermore, we found that enrolment was correlated with the type of occupation. The analyses of three national household surveys highlight the challenges of understanding the complex dynamics of factors contributing to low NHIS enrolment rates. The results indicate that current policies aimed at identifying and subsidizing underprivileged population groups might insufficiently encourage health insurance enrolment.
Introduction
In low-and middle-income countries (LMIC) one of the obstacles for Universal Health Coverage (UHC) is including vulnerable populations in social health protection schemes such as social health insurance (WHO, 2010 (WHO, , 2013 . In 2003, the government of Ghana implemented a single National Health Insurance Scheme (NHIS) that requires all Ghanaians to enrol either into the NHIS, or into one of the private health insurance schemes. Each of these schemes are required to provide basic health care benefits as delineated by the National Health Insurance Authority. However, after more than 10 years, <40% of the population is enrolled in the NHIS (Agyepong et al., 2016) .
NHIS is financed through a number of sources: 70% through indirect tax (2.5% levy on selected goods and services), 20-25% through social security contributions of formal workers (Social Security and National Insurance Trust-SSNIT-contributors), <5% through the annual contributions from the subscribers and a small percentage from development partners (Nguyen et al., 2011) . The NHIS yearly premium ranges from GHS 7.20 (USD 1.60) to GHS 48.00 (USD 10.60) per person, depending on the region of residence (http://www.nhis.gov.gh/faqs.aspx). In addition, all members must pay an initial membership card processing fee of GHS 8.00 (USD 1.82) and GHS 5.00 (USD 1.14) for yearly renewal.
The benefits package secured by NHIS should cover over 95% of disease conditions (http://www.nhis.gov.gh/benefits.aspx). The health services included are listed in the NHIS website: http://www. nhis.gov.gh/benefits.aspx.
Some populations receive premium exemptions: children below the age of 18 years, the elderly aged 70 years or above, SSNIT pensioners, pregnant women, indigents, people with mental disorders, differently abled people and beneficiaries of the Livelihood Empowerment Against Poverty (LEAP) programme. Some of these categories are also exempted from the yearly processing fee: pregnant women, indigents and LEAP beneficiaries (http://www.nhis. gov.gh/about.aspx). Despite the mandatory nature of the NHIS and numerous premium exemptions, many people have either never registered or fail to renew their NHIS membership. Unregistered individuals have to make out-of-pocket payments to access health services, potentially incurring financial hardship (Akazili et al., 2017) .
Several studies have assessed the relationship between individual or households' socio-economic characteristics and the decision to enrol in social health insurance plans in LMIC. Most often, low-income and low-educational attainment were correlated with low enrolment rates (Sinha et al., 2007; Adebayo et al., 2015; Panda et al., 2016; Dror et al., 2016) or high dropout rates (Atinga et al., 2015) . In some studies being male, young and in a larger household were also correlated with enrolment in social health insurance (Adebayo et al., 2015; Sarker et al., 2017) , but these findings were not confirmed by other studies (Panda et al., 2014) . Additionally, a lack of trust in the insurance scheme and a perception of poor health care quality were associated with lower enrolment rates (Criel and Waelkens, 2003; Jehu-Appiah et al., 2012; Adebayo et al., 2015) .
Similarly, studies focusing on Ghana have not reached a consensus on the main determinants of NHIS enrolment, and most of the evidence comes from studies conducted in selected areas (Sarpong et al., 2010; Gobah and Zhang, 2011; Jehu-Appiah et al., 2011; Boateng and Awunyor-Vitor, 2013; Atinga et al., 2015; Duku et al., 2015) .
The aim of this study is to identify which socio-economic and demographic characteristics are associated with NHIS enrolment. While previous studies used data from a few geographic areas, we use three different household surveys designed to be nationally representative. Our approach is also novel in terms of its empirical strategy. We estimate multilevel models including small geographic areas as random effects, thus assessing not only demand-side factors, but also accounting for the heterogeneity attributable to regional and local health systems and other contextual factors.
Data
We used three nationally representative household surveys: the Demographic and Health Survey (DHS), the Multiple Indicators Cluster Surveys (MICS) and the Ghana Living Standard Survey (GLSS). These surveys collect information on the main socioeconomic household characteristics and on individual NHIS enrolment status. They all have been designed to be representative at both national and regional levels.
Demographic and Health Survey
The ongoing DHS programme has collected data from over 90 countries and in Ghana, the first wave was collected in 1988 and new waves were collected at regular intervals every 5 years. The DHS survey focuses on population and household characteristics, health, nutrition and lifestyle with special emphasis on topics that affect the lives of children and women, including fertility and childhood mortality levels, fertility preferences and family planning methods. We used the latest wave of data available to us, collected in Ghana in 2014, which included 12 831 households (Ghana Statistical Service, Ghana Health Service, and ICF International, 2015) .
Multiple Indicators Cluster Surveys
The MICS have been ongoing since the mid-1990s and are available for >100 countries. MICS are specifically focused on children and women, and include, like the DHS, information on the use of various types of health services and health outcomes, as well as a comprehensive set of socio-economic characteristics. We used the most recent survey, implemented in 2011, which includes 12 150 households, the majority of which were individual interviews with women (10 963 women and 3511 men individually interviewed) (Ghana Statistical Service, 2012) .
Ghana Living Standard Survey
The GLSS is a household survey designed to provide a broad picture of the living conditions in the country, including households' consumption and expenditure. We used the most recent survey implemented in 2012-13 that collected data on 18 000 households (Ghana Statistical Service, 2012) .
Sampling design
The three surveys used a similar multi-stage sampling approach. Specific enumeration areas were selected to form the Primary Sample Unit (427 areas in the DHS, 810 in the MICS and 1200 in the GLSS). The enumeration areas were stratified by the 10 administrative regions at the first level and then by urban-rural area within each region at the second level. For each enumeration area, a specific number of households represented the Secondary Sample Unit (Ghana Statistical Service, 2012 , 2014 Ghana Statistical Service, Ghana Health Service, and ICF International, 2015) . registered with the NHIS and zero otherwise. In the main analysis, only the respondents who could show the insurance card to the enumerator were considered enrolees. In Supplementary Material, we report the results including in the dependent variable the people who reported to be registered in the NHIS but could not show the card.
We examined different specifications to assess the robustness of the model. In particular, we first ran the model keeping the whole sample, and then we excluded pregnant women and people under 18 years of age, the largest groups that receive premium exemptions. We were unable to identify beneficiaries of the LEAP contribution, the people enrolled in the NHIS as indigents, SSNIT contributors, SSNIT pensioners or people affected by mental illnesses eligible for premium exemptions. We included as explanatory variables all individual and household characteristics expected to influence the NHIS enrolment, regional dummy variables and urban/rural dummy variables.
We ran a multilevel regression model, where the enumeration area represented the first level, the household the second level and the individual the third level of analysis. In this way, the estimates accounted for the variability across geographical areas related to unobserved contextual factors, including those related to the health services such as the presence and accessibility of health care providers, the quality of the services, and other fixed effects/characteristics of each particular area. Furthermore, this approach allowed us to account for any residual correlation within households. While there is consensus in the literature that sample weights should be used in descriptive statistics (Kish and Frankel, 1974; Solon et al., 2015) , the use of weights in hierarchical models is much more controversial (Gelman, 2007; Bollen et al., 2016) . For this reason, sample weights were applied only in the percentage values of the descriptive statistics (Table 1) . Supplementary Table S6 contains a detailed description of all the variables included in the regression models. The analyses were run using STATA 14.0.
Results

Descriptive statistics
Data on enrolment The percentage of respondents enrolled in the NHIS in the three surveys are shown in Table 2 . The three surveys included three different possible answers to the question regarding enrolment in the NHIS: 'no', 'yes card seen' in case the person was able to show a valid card during the interview and 'yes, card not seen' when the person was not able to show the card to the enumerator. According to DHS data, 35.5% of the women and men in 2014 had a valid insurance card and were able to show it to the enumerator. Although some people who reported membership and were unable to show their insurance card may have actually hold a valid insurance card, the official statistics and key informants indicated that the majority of them may either have had an expired card or erroneously believe to be enrolled. Women (22.5%) were more likely than men (9.2%) to be unable to show their insurance card despite responding that they were enrolled. In the MICS, the proportion of members of households enrolled was smaller than that reported by the DHS; only 27.6% of women and 18.8% of men were able to show a valid insurance card, while 13.2% of women and 13.0% of men reporting having it but were unable to show it. According to the GLSS data 38.1% of women and 34.4% of men were able to show a valid NHIS card in 2012-13. Table 1 shows descriptive statistics for DHS, MICS and GLSS data, for people enrolled and able to show a card. In all the three databases the percentage of people enrolled was slightly higher for women living in households with a male head-of-household compared with women in households with a female head-of-household (36.3% vs 31.1% in the DHS, 29% vs 24.8% in the MICS and 36.1% vs 33.3% in the GLSS), and the difference was smaller among men. Married women reported a higher percentage of NHIS enrolment (38.4%, 31.3% and 35.7%) than unmarried women (29.1%, 21.6% and 33.3%), while among men the enrolment did not change significantly with marriage. Similarly, women with at least one child (and also men in the DHS sample) reported a higher percentage of NHIS enrolment. In the DHS and GLSS samples around half of pregnant women were registered compared with 33% of non-pregnant women (39.3 for GLSS).
Sample characteristics
Age classes show slightly different patterns of enrolment across the three databases. While overall higher levels of wealth and education showed higher enrolment rates, there were no remarkable differences in the sample of DHS women.
Only 34.5% of women and 31.6% of men employed in the agricultural sector were enrolled in the NHIS, compared with around 40% of the clerics and people in the service sector and people in the category 'professional/technical/managers'. Skilled and unskilled manual workers showed the lowest enrolment rate for both men (32.2% and 34.8%, respectively) and women (23.9% and 21.9%, respectively). In the GLSS sample, women employed as casual workers tended to register more than the average (44.4%), while the category with the smallest percentage of women registered was the 'domestic workers' (25.2%), similarly to men (13.1%). Unemployed men, together with those who were 'family workers' both in agricultural and nonagricultural settings, reported the highest enrolment rates among men.
Close to 50% of men who were diagnosed with hypertension were enrolled in the NHIS, while this percentage was lower for women. Men with a disability reported a slightly higher enrolment rate (35.8%) than those without (31.2%). As far as geographical differences are concerned, the percentage of people enrolled did not seem to remarkably change between urban or rural areas.
The regions with the highest proportion of people registered were the Upper West, Volta and Brong Ahafo regions (and also Upper East in the MICS and GLSS samples and Ashanti in the MICS sample).
Results from the regression model
Demographic Health Surveys
Regression results obtained with DHS data are found in Table 3 , including results obtained with the whole sample, as well as results excluding pregnant women and people under 18 years of age, groups that are exempted from NHIS premiums.
Among women, being married was positively correlated with enrolment (OR ¼ 1.668, 99% CI: 1.390-2.003), as well as having children under 5 years old (OR ¼ 1.123, 99% CI: 1.040-1.213). Marital status may have captured the effect of having a male as head-of-household, a variable which was not statistically significant in the presence of the marital status indicator. As expected, pregnant women were more likely to be registered in the NHIS (OR ¼ 2.610, 99% CI: 2.055-3.317).
There were no large differences in registration rates by age. Using the group aged 18-24 years as the referent, people under 18 years old were more likely to be registered (OR ¼ 1.332, 95% CI: 1.055-1.682), potentially due to the premium exemption afforded to minors (although a registration fee still applies). Among women, all other age groups were more likely to be registered than people aged 18-24 years, especially those aged 35-39 years old sector were more likely to be enrolled in the NHIS than people employed in the agricultural sector. Also skilled-manual women (OR ¼ 1.306, 95% CI: 1.020-1.671) as well as those employed in the sales (OR ¼ 1.445, 99% CI: 1.177-1.774) or services sector (OR ¼ 2.145, 99% CI: 1.277-3.603) were more likely to be enrolled than those working in the agricultural sector. Interestingly, even for unemployed men (OR ¼ 2.116, 99% CI: 1.493-3.000) and women (OR ¼ 1.529, 99% CI: 1.227-1.905) the probability of being enrolled was higher than for people employed in the agricultural sector.
There was insufficient evidence that rural or urban residence impacts NHIS enrolment, but the regional variability in enrolment rates shown in the descriptive statistics is confirmed in the regression analysis. The NHIS was first piloted and implemented in the Brong Ahafo region where the level of enrolment remains one of the highest. We used this region as the referent in the analysis. In most of the other regions, the probability of being enrolled was significantly lower than in Brong Ahafo. The only exceptions were Volta for women, Northern for men and Upper West for both genders, for which results were not statistically significant. Upper East was the only region where men were more likely to enrol than in Brong Ahafo region (OR ¼ 2.25). There are no remarkable differences in the results excluding people with premium exemptions.
Multiple Indicator Cluster Surveys
Results obtained with MICS data are shown in Table 4 , which are similar to those obtained with DHS data. Among women, enrolment was positively correlated with being married (OR ¼ 1.646, 99% CI: 1.312-2.065) and having children at home (OR ¼ 1.606, 99% CI: 1.288-2.003), consistent with the results of DHS data. In this analysis, being married was positively correlated and statistically significant for men as well (OR ¼ 1.794, 95% CI: 1.140-2.824).
Men aged 15-17 years were more likely to enrol in the NHIS than 18-to 24-year-old men (OR ¼ 2.545, 99% CI: 1.609-4.024), similar to DHS results. The other age categories showed no statistically significant difference for men, whereas for women, the age groups 15-17 and 30-34 years were positively correlated with enrolment and statistically significant (OR ¼ 1.349, 95% CI: 1.041-1.748 and OR ¼ 1.309, 95% CI: 1.020-1.679, respectively). People with higher wealth index levels were associated with higher enrolment rates for both men and women. Similarly, people with higher education levels were more likely to be registered in the NHIS.
MICS analyses showed that living in an urban setting was negatively correlated with the probability of registering with the NHIS (OR ¼ 0.752, 95% CI: 0.586-0.965 for women and OR ¼ 0.656, 95% CI: 0.435-0.988 for men). MICS regional results confirmed the DHS findings, with some exceptions. The relationship in the Volta region was negative and significant for both genders, we found a positive association in the Upper East region for women and Upper West for both genders. The relationship in the Ashanti region was not significant.
As with the DHS data, the MICS results obtained using the sample without exempted individuals did not highlight remarkable differences compared with the whole sample.
Ghana Living Standard Survey
In the GLSS analysis (Table 5) , being married showed a positive and statistically significant relationship with enrolment only among men (OR ¼ 1.433, 99% CI: 1.125-1.825). Women with children were more likely to be registered in the NHIS (OR ¼ 1.504, 99% CI: 1.125-1.825), as well as pregnant women (OR ¼ 3.09, 99% CI: 2.239-4.267).
Similar to DHS and MICS results, men under 18 years old were more likely to register than those in the referent (OR ¼ 1.656, 99% CI: 1.334-2.056) and men between 25 and 29 years of age were less likely to register (OR ¼ 0.754, 95% CI: 0.583-0.976). In contrast, we did not see differences among women in these age categories. Women aged 30-39 years and men and women aged 50-59 years were associated with higher enrolment rates than people aged 18-24 years.
Both men and women with higher education levels were more likely to be registered in the NHIS. Household expenditure, a proxy for income, also showed a statistically significant and positive correlation with NHIS enrolment. In another version of the model (data not shown), we found that the squared term of this income proxy was not significant, indicating insufficient evidence for a Ushaped relationship between household expenditure and enrolment.
The probability of enrolment in the NHIS varied by occupational status. Women and men registered as 'paid employee' (OR ¼ 1.454, 95% CI: 1.052-2.008 and OR ¼ 1.877, 99% CI: 1.458-2.415, respectively) or 'not working' (OR ¼ 1.318, 95% CI: 1.033-1.683 and OR ¼ 1.731, 99% CI: 1.341-2.236) were more likely to be enrolled in the NHIS than people who were agricultural selfemployed without employees. For men, the two categories 'contributing family worker' (both agricultural and non-agricultural) were positively correlated with enrolment (OR ¼ 1.373, 95% CI: 1.059-1.780 and OR ¼ 2.675, 99% CI: 1.517-4.717, respectively) and for women as well, though results are not statistically significant. Finally, also the category 'non-agricultural self-employed without employees' showed a positive and significant association for women (OR ¼ 1.389, 99% CI: 1.091-1.768). This was similar to the findings of the DHS analysis, which showed that people working in the agricultural sector had lower probability of enrolment, even though the categories considered in the GLSS and DHS analyses were slightly different.
The probability of NHIS enrolment for people living in urban or rural settings did not differ statistically. Regional results using the GLSS are consistent with what we found in the analysis with MICS data, with two exceptions. Volta region shows a negative but not significant results for women and Ashanti shows negative and significant results for both women and men, similar to DHS results.
In the GLSS analysis, we added two proxies of health status, namely having had a morbidity episode in the last 2 weeks and suffering from any form of physical or mental disability. Results suggested that the former was correlated with the probability of being Women and men, DHS 2014. Odds ratios; 95% confidence intervals in brackets. *P < 0.05; **P < 0.01; ***P < 0.001. Women and men, MICS 2011. Odds ratios; 95% confidence intervals in brackets. *P < 0.05; **P < 0.01; ***P < 0.001. enrolled in the NHIS (OR ¼ 1.324, 99% CI: 1.071-1.637 for women and OR ¼ 1.403, 99% CI: 1.124-1.752 for men), while the latter was not. Finally, there are some slight differences in the results when we exclude the individuals who receive premium exemptions. Women with a low level of education [incomplete or completed primary school (OR ¼ 1.613, 99% CI: 1.171-2.222 and OR ¼ 1.555, 99% CI: 1.125-2.150, respectively)] are significantly more likely to enrol than women without education. Agricultural contributing family workers (men) report still a positive relationship, but not statistically significant. Morbidity is still significant for men but not for women.
Discussion and conclusion
This study assessed the socio-economic factors associated with NHIS enrolment in Ghana. It is, to our knowledge, the first study that uses three national surveys to investigate this topic in Ghana.
More generally, this study offers a novel contribution to the literature on the socio-economic and demographic determinants of enrolment into social health insurance schemes in LMICs, accounting for contextual factors, and using nationally representative households surveys.
The structure of all the three databases allowed us to run multilevel logistic regression models where the first level is a small geographic area, the second level is the household and the third level is the individual. This econometric approach accounts for specific cluster effects indirectly related to contextual factors and for the correlation among household members. In this way, we did not only assess demand-side factors, but we also indirectly accounted for the heterogeneity of local health systems factors-e.g. availability and quality of health services-and other contextual factors-e.g. community enrolment rates, social supportive networks, etc.
The analyses of the three national surveys showed similar, albeit not identical, patterns of the determinants of NHIS enrolment. The study extends the existing evidence on the determinants of enrolment in the NHIS, providing some interesting new findings that may inform policy decisions and provide a baseline analysis for longitudinal analyses in Ghana, and raise research questions for similar investigations in other contexts. Similarly to what was found in previous studies (Chankova et al., 2008; Sarpong et al., 2010; Jehu-Appiah et al., 2011; Dixon et al., 2011 Dixon et al., , 2014 Boateng and Awunyor-Vitor, 2013; Kumi-Kyereme and Amo-Adjei, 2013; Owusu-Sekyere and Chiaraah, 2014; Duku et al., 2015; Amo-Adjei et al., 2016; Bonfrer et al., 2016; Brugiavini and Pace, 2016; Kotoh and Van der Geest, 2016) , higher wealth and education was associated with a higher probability of being enrolled in the NHIS. This was evident in particular in the analyses of GLSS and MICS data. Education is usually correlated with income and wealth, but it is also itself an explanation of higher enrolment, given that a more educated person is usually better informed. Marital status was significantly associated with higher NHIS enrolment rates (with DHS data this held only for women) similarly to what found in a previous study (Boateng and Awunyor-Vitor, 2013) , but differently from what was found in others recent manuscripts (Owusu-Sekyere and Chiaraah, 2014; Duku et al., 2015; Amo-Adjei et al., 2016) . Our result may perhaps be due to the fact that married couples might be better able to afford insurance premiums than their single counterparts. For men, it might suggest that women play a role in the enrolment decision of their husbands. Secondly, in Ghana it is more likely that women enrol their children in the NHIS, rather than men. Many women may enrol themselves and their children at the same time, usually as soon as their children get sick, avoiding going to the registration office twice. Contrary to what was found by other studies (e.g. Jehu-Appiah et al., 2011) , there was insufficient evidence that rural or urban residence impacts NHIS enrolment. The analyses of DHS and GLSS data did not show differences in the probability of enrolling in the NHIS between rural and urban settings, while the analysis of MICS data indicated that the probability of being registered was weakly correlated with living in a rural area. We then found mixed results regarding the relationship between age and NHIS enrolment. Neither in the previous literature age was significantly correlated to NHIS enrolment for the majority of the studies but one (Blanchet et al., 2012) . The probability of being registered was higher for pregnant women and women with children, two groups of people-pregnant women and children-exempted from paying the premiums.
Another interesting and novel finding was that occupational field (only available in the DHS and GLSS surveys) had a significant impact on enrolment: women and men working in a professional sector, family workers and those in the service or retail sale sector and even unemployed were more likely to be enrolled in the NHIS than individuals employed in the agricultural sector. This result could be attributed to the fact that workers of agricultural sector cannot rely on a stable or predictable income, and possibly, that the burden of losing working time to go to the NHIS registration office presents a disincentive to enrol. In addition to these factors, the costs of seeking care (e.g. the transport costs to reach the NHIS enrolment office) might be high for people working in the agricultural sector who might be more likely to live in rural settings (Macha et al., 2012) . Another reason for low enrolment might be the lack of knowledge about the NHIS. Yet, there is limited evidence of these potential factors in the literature published so far; only one recent study by Bonfrer et al. (2016) revealed that women without occupation or working in agriculture were less likely to enrol in the NHIS and another study reveals a positive correlation between employment and enrolment (Gobah and Zhang, 2011) .
As an additional sensitivity analysis (data not shown), we reanalysed the DHS and GLSS datasets and examined one additional available variable: i.e. the use of the outpatient services in the last two weeks (GLSS survey) or 6 months (DHS survey). As expected, results from both surveys showed that recent use of health care services was positively correlated with enrolment in the NHIS.
Since the information on the use of services and on enrolment is gathered simultaneously, it is generally impossible to assess causality using only these data. In particular, it is not possible to disentangle the potential adverse selection effect, defined as the phenomenon in which individuals enrol in a health insurance only if they expect that the benefit will outweigh the cost of premiums, from the moral hazard behaviour related to potential over use of services by NHIS members. However, when the use of health services was included in the GLSS regression model, suffering from a morbidity episode was no longer associated with higher enrolment rates, perhaps because attending at least one health care visit captures the effect of having had a morbidity episode. This finding, together with a positive and significant correlation of the morbidity variable when the use of service is not included, might support a negative self-selection problem rather than moral hazard behaviour.
This would be in line with the findings of other studies showing that the ex-ante moral hazard is unlikely to occur in the Ghanaian health system (Powell-Jackson et al., 2014) . Results obtained with GLSS data may provide some additional indication that health insurance enrolment is correlated with health care needs, the wellknown adverse selection phenomenon. Similar evidence has already been found in the literature in the Ghanaian setting (Duku et al., 2016) , as well as in other LMIC settings (Zhang and Wang, 2008; Lammers and Warmerdam, 2010) .
The study has some limitations, primarily arising from the nature of data available. First of all, the data's cross-sectional nature precluded any causal analysis between the socio-economic factors and NHIS enrolment, but the analysis still serves as an important baseline with which to consider change over time in enrolment in future analyses of NHIS within the Ghanaian context. Second, because we only considered cross-sectional data at a single time-point, we could not examine how contextual factors at the national level interact with or modify the impact of household and individual factors on insurance enrolment, although our analysis was apt to examine regional, household, and individual factors and enrolment. The crosssectional analysis, moreover, only captures whether a person was registered in the NHIS at the time of the interview but does not indicate how consistently the person maintains insurance coverage, allowing us to understand contact with, and awareness of, NHIS rather than the role of insurance coverage across the life-span-a question that would require a longitudinal (follow-up) study. Therefore, we caution against the assumption that individual and household characteristics of people who have never been enrolled resemble the characteristics of people with intermittent coverage. We emphasize that the dropouts subgroup warrants further investigation.
Thus far, most policies aimed at increasing the uptake of health insurance in LMICs have focused on identifying and targeting the poorest populations and/or certain age groups. Incentive programmes generally provide health insurance premium exemptions, monetary subsidies and conditional or unconditional cash transfers (Lagarde et al., 2007; Cashin et al., 2017) . For example, the Livelihood Empowerment Against Poverty (LEAP) programme, one of the main social protection schemes in Ghana, provides cash and health insurance to extremely poor households in some areas of the country (Handa et al., 2013) . Unfortunately, specific information on enrolment in LEAP programme was not available in the databases analysed and the size of this programme is still limited for being analysed in nationally representative household surveys. Nevertheless, the results of this study suggest that subsidizing underprivileged populations might not be enough to increase NHIS enrolment; policies aimed at reducing the opportunity costs faced by informal workers may play an equally important role in boosting NHIS enrolment. In Ghana, it might require implementing innovative ways to facilitate enrolment, such as using temporary and portable registration offices close to the fields to assist farmers to register with the NHIS.
The results of this study shed light on the complex dynamics and factors behind low NHIS enrolment rates, indicating that current policies might be insufficient to encourage broad health insurance enrolment and by extension, to meet the goals of UHC.
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